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ABTOMATU3NPOBaAHHAA Pa3METKa BPEMEHHbIX PSAA0B
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[Toobnembl anropmntma PSF
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2. PSF He paboTaeTt Ha GPU knacTtepe
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ABTOMATMU3MPOBAHHAA pa3meTKa Ha GPU Knactepe
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Bpema BbinonHeHnAa PSF
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ABTOMATMU3MPOBaAHHAA pa3meTKa Ha GPU Knactepe
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[TpencKkasaTesnb (MOAMHOMMaNbHAA perpeccus)
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ABTOMATMU3MPOBaAHHAA pa3meTKa Ha GPU Knactepe
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OnTmasbHOE pacnpeaeneHme AamMH CHUNMNEeToB
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ABTOMATMU3MPOBaAHHAA pa3meTKa Ha GPU Knactepe
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JKENEPUMEHTbI: TOYHOCTb U NPOU3BOANTENBHOCTb
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*Imani S., Madrid F., Ding W., Crouter S.E., Keogh E.J. Introducing time series snippets: a new primitive for summarizing long time series. Data Min. Knowl. Discov. 34(6): 1713-1743 (2020). DOI: 10.1007/s10618-020-00702-y
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3aK/JIKo4YeHme

e Pa3paboTaH anropntm pasmeTkn 6onbLIMX BpEMEHHbIX PAAO0B Ha Knactepe ¢ GPU
y31amu.

* [poBeAeHbl 3KCNEPMMEHTbI, MOKa3biBaOLLLYHO BbICOKYHO TOYHOCTb U
MacwTabmnpyemocTtb pa3paboTaHHOro anropmtma.

Cnacnbo 3a BHMMaHue! Bonpocob!?
AHpgpen lornayes, goglachevai@susu.ru
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